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underneath the desk near the tall
bookshelves in the room? If you
can, answer the question using a
word or a phrase. And provide all
the IDs for objects related to the
question and answer.
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What is on top of the bed? If you &
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word or a phrase. And provide all

the IDs for objects related to the
question and answer.
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Use dual object-id and post-vision order to enhance ID-Feature connection.

_______________________________________________________.J
____________________________________

Hybrid Referring Object
Classification
107,575

Hybrid Object Probing
Evaluation

<0BJ) | 104,484

150> '

————————————————————_———_—q—————_————ﬁ-————_——————_————————————————

|
|

: Benchmark Data
: 164,690
n
|

Tokenizer & EmbeddingLayer (" Aom. O (_\’ T

| ! U |

________________ | R R S PointCloud 2 Uni3ap —— Relation-Augmented _,@@@ |

. “A chat between :{ “USER: Can ! “<OB]0O1>" T : Projecter j EECRE) restt] Jesmel |

. a curious user ! you find any @i “<0BJ002>": S— S ] | |
and an | bookshelf? i “<0BJ0@3>" ointCloud R ENASEK D) ;. . ; Faithful 3D
artificial || Here are the i | iy ;,_QP!?EF_F.??E.-.PE?'E'P'I.E.'H'F’?d_‘?'l'.‘_g. } Diverse Question Partial Factual 3D Question
intelligence i objects in i “<0BJ150>" ' \ A ' N ———— o Diverse Visual Groundin Diverse Captionin Answerin Visual Groundin Answerin
assistant... the scene: ” | .. 7 Multi-view Images 2D Masks A 2D i ! 1 g P 8 g g &

304,014 125,583 78,588 72,115 59,605

System Prompt Instruction Prompt IDs




