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DMNSP
Motivation

Visual modality’s broader distribution increases forgetting risk.

Our hypothesis

• Inhibiting shifts in visual parameter distributions can mitigate forgetting.
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Overlooking modality-specific dynamics hinders effective forgetting mitigation in adapter-based VLM CL.

• Suboptimal forgetting prevention.

• Inadequately explored modality parameter distribution shifts in VLM.
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Contribution

• We propose asymmetric adapter training to address modality-induced forgetting..

• We design multi-layer gradient projection with dynamic coefficients for CL. 

• We achieve state-of-the-art in different CIL settings across different datasets.

DMNSP
Challenge

Our hypothesis

• Inhibiting shifts in visual parameter distributions can mitigate forgetting.
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DMNSP
Framework
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DMNSP
Experiments

 Achieve competitive results across 5 datasets and over 10 settings.

 Achieve a lower forgetting rate.
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DMNSP
Visualization

 Achieve a higher last accuracy curve and a lower forgetting curve.
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DMNSP
New Enhancements

Enhancement 1
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Enhancement 2
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Thank you for listening.


