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The Data Problem

• Public Abdominal CT datasets: few hundred tumor masks
• Zero reports
• Few VLMs: Merlin (private data) & M3D (jpg/png images & captions from the web)



AbdomenAtlas 3.0
3K Tumor
CTs, Reports, Masks



AbdomenAtlas 3.0
Tumor-focused Structured Report

Advantages:
• Standard terminology
• Easy understanding across institutions
• Completeness
• Better medical decisions



AbdomenAtlas 3.0
Narrative Report

Advantages:
• Adaptation to standard of individual institutions
• Wider applicability



AbdomenAtlas 3.0
Creation: Data & Masks

• 3.12x more tumor annotations
• Public



AbdomenAtlas 3.0
Creation: Data & Masks

-Uniqueness: pancreas sub-segments, PDAC staging, reports 



AbdomenAtlas 3.0
Creation: RadGPT



RadGPT: Deterministic Feature Extraction

• Measuring tumors like radiologists
• Staging pancreatic cancer



RadGPT: PDAC T Staging



RadGPT: Pancreas Sub-Segments

- Pancreas Sub-segmentation: SMA-based 



RadGPT : Liver Sub-Segments



RadGPT: Enhanced Human Reports



RadGPT: Fully-automatic Mode
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RadGPT : Evaluating VLMs
-Usual evaluation of Report Generation: LLM text similarity metrics

-Proposal: 
-LLM Accuracy (0-Shot, N=447): 96%
-prompt!



RadGPT: IID & OOD Evaluation, All SOTA

Models and Dataset:
https://github.com/MrGiovanni/RadGPT


