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Motivation

a) Popular datasets often lack visual and 

textual explanations for answers, 

hindering comprehension for patients 

and junior doctors

b) They typically offer a narrow range of 

question formats, like open-ended and 

closed-ended ones, inadequately 

reflecting the diverse requirements in 

practical scenarios



 Dataset Construction

I. In Stage I (left), medical LLM performs re-grounding on the original reports based on the pathological regions 

and clinical guidance specified by the radiologists, generating more precise sentence-region correspondence.

II. In Stage II (right), the well-crafted prompt enables GPT-4o to generate a high-quality, large-scale Med-VQA 

dataset with both textual and visual explanations, leveraging the re-grounded reports from Stage I.



 Dataset Statistics

Comparison of medical VQA datasets

Distribution of question content Distribution of normality and common abnormality



 Evaluation

• We evaluate 12 representative large vision language models (LVLMs) on this dataset. The results show suboptimal 

performance, underscoring the dataset's complexity. 

• Most existing LVLMs exhibit weak performance in providing answer explainability, particularly for the visual component. 

Moreover, when faced with choice-based questions, many models — especially in the medical domain — struggle to 

deliver definitive answers.

• We propose a strong model by fine-tuning LLaVA-Med-7B on the training set. The substantial performance improvement 

showcases the dataset's effectiveness. 



Thank you!
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